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Abstract

Objectives
To analyze the effect of spatially exposure to �re risk on the occurrence of respiratory diseases in the
municipalities of the State of Mato Grosso do Sul (MS), Brazil.

Methods
This was an ecological study of spatial prevalence of hospitalization for respiratory diseases and �re risk
using Monte Alegre index. This methodology reduces the risk as precipitation occurs, where the volume of
rain (in mm) is considered as danger lane changer. The empirical Bayesian method and a multiple
regression spatial response variable were used to model the prevalence of hospitalization for respiratory
diseases, and the exposure variable �re hazard. For calibration, the proxies of �re outbreaks and surface
ozone concentration, precipitation and humidity were used.

Results
We observed statistically signi�cant associations between the prevalence of hospitalization for
respiratory diseases and the risk of �re.

Conclusions
�re risks triggering �res are highly related to the prevalence of hospitalizations for respiratory diseases in
vulnerable sub populations in the municipalities of the State of Mato Grosso.

1. Introduction
Few studies have been carried out to evaluate the effects produced by burning biomass (any material of
plant or animal origin used as an energy source). In 1985, a bulletin from the World Health Organization
(WHO) questioned the severity and extent of the damage caused by air pollution as a result of
combustion of biomass in rural areas of developing countries (Koning et al., 1985).

Biomass incineration is the largest domestic source of energy in developing countries, approximately half
of the planet's population, and more than 90% of households in rural developing countries remain using
energy from burning biomass, in the form of wood, coal, animal manure or agricultural waste, which
produces high levels of air pollution.

Despite the great technological advances, the deliberate or accidental burning of vegetation is often
uncontrolled, reaching large expanses of forests, savannas or other less dense vegetation. Fire is a
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growing problem due to the remains of burned forests and savannahs, and pollutions resulting from
smoke, and has a substantial impact on the health of the exposed populations. This impact includes
increased mortality, hospital admissions, emergency visits and medication use, due to respiratory and
cardiovascular diseases, in addition to decreased lung function (Bruce et al., 2000).

In Mato Grosso do Sul (MS), the main causes of �res are: lightning, agricultural burninig of cultivated
�elds before sowing new crop, forest operations, rural �res, smokers and arsonists.Unscheduled and
uncontrolled �res have different consequences at different scales, however do not in�uence
meteorological systems (Caúla et al., 2015) and the phases of El Niño-Oscilação Sul (ENOS) - (Oliveira-
Júnior et al., 2020), ranging from risk to populations to environmental degradation,, contributing to air
pollution and worsening air quality. However, the extent and intensity of the �res are related to several
factors, including the type, quantity and state of the combustible vegetation.

Children in Brazil are affected annually by smoke from forest �res, many of them in the Midwest and
North with the burning of the Pantanal and the Amazon rainforest. The increase in forest �res in recent
years suggests that this at-risk population has only grown. In parts of Brazil, up to 20% of the �ne
particulate material (PM) (2.5 and 10µm) to which children are exposed results from forest �res. Due to
the warming of our climate, exposure to smoke from forest �res is likely to increase and to expose more
children to smoke from forest �res as the century progresses (Mills et al., 2018).

Smoke from �re can cause a range of health problems in adults. According to a systematic review from
2015 on the effects of forest �re smoke on the general population, most of the epidemiological research
has focused on different respiratory outcomes, some on mortality asa well as other outcomes (Liu et al,
2015). Hospitalizations and emergency visits for respiratory diseases increased consistently with
exposure to �re smoke in adults, although estimates of the effect size vary both in how they are reported
and in their magnitude (Shusterman et al, 1993; Liuetal, 2015 ; Alman et al, 2016; Black et al, 20170.
There have been mixed results for cardiovascular outcomes (Black et al, 2017, Cascio, 2018). All-cause
mortality is also associated with exposure to �re smoke in adults (Cascio, 2018). Doubleday, et al, 2020
tested the association between exposure to forest �re smoke and mortality in the western United States.
The probability of mortality at all ages with exposure on the same day was 1.0% (95% CI: − 1.0–4.0%)
higher on days of �re smoke compared to days of smoke without �re, and the previous day's exposure
was associated with a 2.0% increase (95% CI: 0.0–5.0%). When strati�ed because of mortality, the
chances of respiratory mortality on the same day increased by 9.0% (95% CI: 0.0–18.0%), while the
chances of mortality from COPD on the same day increased by 14, 0% (95% CI: 2.0–26.0%). In subgroup
analyzes, they observed a 35.0% increase (95% CI: 9.0–67.0%) in the chances of respiratory mortality on
the same day for adults aged 45–64.

In a problematic way, few studies have intentionally focused on pediatric populations as a target
population or subpopulation (Liu et al, 2015). Children are an especially vulnerable population because
they are more exposed. Children tend to spend more time outdoors, breathe more air in relation to their
body weight and are still growing and developing. They also have less nasal particle deposition, which
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means that a larger proportion of particles can penetrate deep into the lungs (Bennett et al, 2007). In
addition, adverse effects on childhood developing lungs have been shown to have lifelong health effects
(Miller and Marty, 2010).

The selection of MS for this study is due to its geographical location. Its borders are the states of Goiás,
Minas Gerais, Mato Grosso (), Paraná () and São Paulo (to the northeast, east, north, south and
southeast, respectively), as well as the countries of Bolivia and Paraguay, to the west and southwest,
respectively. It has an area of   358,124,962 km², with a population of approximately 2,360,498 inhabitants,
with 79 municipalities and predominance in primary activities according to the population estimates of
the IBGE for the year 2009, The state of MS has one of the largest cattle herds in the country, and its
economy is based on rural production (animal, plant extraction and rural industry), industry, mineral
extraction, tourism and service provision.

This study aims to analyze the joint spatial distribution of an air pollution indicator and the prevalence of
hospitalizations for respiratory diseases in sensitive population groups in the different municipalities
comprising the state of MS.

2. Methodology

2.1 Study area
The State of MS is located between latitudes 17º13´40” and 19º27´47” S; and longitudes of 50º56´06”
and 53º42´18” W. Figure 1 presents the spatial distribution of the meteorological stations used in this
study.

2.2 Hospitalization Data
In is a spatio-temporal and ecological study, the trend of the respiratory disease coe�cient for the State
of MS was analysed. Data on hospital admissions for respiratory causes (Chapter X - Diseases of the
respiratory system comprising categories J00 to J99 of the International Classi�cation of Diseases - ICD
10) by municipality residency were obtained from the computerized databases of the Ministry of Health
via Hospitalization Authorizations (AIH) of the Uni�ed Health System (SUS) for the years 2015–2020
(DATASUS).

The hospital incidence coe�cient is de�ned by Eq. (1):

Where, I represents the number of ambulatory admissions in a municipality in a given season, and POP
stands for the population of this municipality on the date corresponding to the season (Laurenti et al.,
1985).
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2.3 Fire Risk Index
The Monte Alegre Formula (FMA) considers the risk of forest �re based on two meteorological variables:
relative humidity (%) of 13 hours and daily rain (in mm). FMA is cumulative, that is, the longer the
sequence of days with low relative humidity and without rain, the greater the �re risk (Soares, 1972). It is
worth mentioning that there is a relationship between FMA and the intensity of the rainfall, as shown in
Table 1 (Antunes, 2000). FMA risk is based on Table 2 (Antunes, 2000).

The FMA is describes by Eq. (2):

where FMA is the Monte Alegre Formula (daily Forest �re danger index), H is therelative air humidity (%)at
1 PM and n is the number of i days without rain.

Table 1
Monte Alegre index in relation to daily rainfall

Daily rain (in mm) Modi�cation in Calculation

≤ 2,4 No

2,5 a 4,9 Cull 30% in the FMA calculated the day before and add (¹��⁄H) of the day.

5,0 a 9,9 Cull 60% in the FMA calculated the day before and add (¹��⁄H) of the day.

10,0 a 12,9 Cull 80% in the FMA calculated the day before and add (¹��⁄H) of the day.

≥ 12,9 Stop the calculation (FMA = 0) and restart the sum the next day.

Source: Antunes, 2000

 
Table 2

Fire risk scale
FMA VALUE DEGREE OF DANGER

≤ 1,0 Too small

1,1 a 3,0 Small

3,1 a 8,0 Average

8,1 a 20,0 High

≥ 20 Very high

Source: Antunes, 2000
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The relative humidity daily rain data were collected from the Climate and Hydrology Monitoring Center of
the State of Mato Grosso do Sul-CEMTEC, and were used to produce maps of the observed and estimated
respiratory disease distributions and residual errors. Likewise, a map illustrating the spatial distribution of
the �re risk was constructed.

The respiratory diseases used in the analysis were extracted from the SUS Hospital Information System
(DATASUS) for the period from January 1, 2015 to December 31, 2020. The total number of
hospitalizations for respiratory diseases was 148,849. From the diseases catalog of the International
Coding of Diseases (ICD 9th and 10th revisions) as in the Diseases of the respiratory system (460–496
and J00-J99 respectively), it was found that the highest daily averages of hospitalizations were due to
in�uenza (�u) and pneumonia (480–487 and J10-J18) representing 52.3% of total hospitalizations. The
second most popular respiratory diseases were chronic lower airway diseases, such as chronic bronchitis,
simple and mucous-purulent bronchitis, emphysema, asthma, asthmatic disease and bronchectasis
(490–496 and J40-J47), with 19.3%. Thirdly, with 11.3% and an average of 5.2 daily hospitalizations
were the other diseases of the upper airways (470–478 and J30-J39), such as allergic and vasomotor
rhinitis, rhinitis, chronic nasopharyngitis and pharyngitis, chronic sinusitis, nasal polyp, other disorders of
the nose and paranasal sinuses, chronic diseases of the tonsils and adenoids, chronic laryngitis and
laryngotracheitis. Other acute infections of the lower airways (466 and J20-J22), such as acute bronchitis
and bronchitis, had a daily average of 2.8 hospitalizations and represented 6% of the total
hospitalizations. Finally, acute infections of the upper airways (460–465 and J00-J06) represented 4.3%
of total hospitalizations, with an average of 2.0 daily hospitalizations. Among these diseases are the
acute nasopharyngitis (common cold), sinusitis, pharyngitis, tonsillitis, laryngitis, obstructive laryngitis,
epiglottitis and tracheitis. Other diseases of the respiratory system did not reach the average of 2.0 daily
admissions and showed a very low percentage - except for the group of unspeci�ed diseases (508 and
J95-J99), which represented 4.9% of the total hospitalizations and a daily average of 2 hospitalizations.
However, this group, as the name indicates, represents unspeci�ed diseases and, therefore, it is
impossible to recognize the real cause of these hospitalizations.

To characterize the distribution of respiratory diseases in Mato Grosso do Sul, several models were
developed. By using the multiple linear regression, one can assess a given problem by analyzing the
degree of relationship between one or more variables.

In this study, an univariate exploratory analysis of spatial data was carried out to investigate the spatial
autocorrelation of Bayesian estimates of hospitalizations for respiratory diseases, and of the �re risk
indicator in the municipalities of MS. We chose to build Bayesian estimates for hospitalizations, aiming
to minimize the instability of prevalence, by eliminating the random �uctuation present in small areas
(Bailey and Gatrell AC, 1985), using the empirical spatial Bayesian method proposed by Marsha, 1991, in
which the prevalence of each municipality is adjusted by considering the prevalence of its neighbors.

In the multiple analysis, the direction and magnitude of the associations between the independent
variables were �rst evaluated through a correlation matrix. Next, multiple spatial regression analysis was
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used. This type of analysis has the same assumptions as traditional linear regression, but takes into
account the spatial trends or correlations of the data, and in case spatial autocorrelation is found, certain
parameters are incorporated to enable the removal of these effects. The quality of the �t of the spatial
regression model is similar to that of the traditional multiple regression model, being veri�ed through the
analysis of residues.

The data of hot spots was obtained from the Burn Database (BDQueimadas) from the Weather Forecast
and Climate Studies Center (CPTEC) of the National Institute of Meteorology (INMET) /: <http:
//queimadas.dgi.inpe .br / burned / bdqueimadas />. It is worth mentioning that the data have already
been used in a study in the State of MS (Oliveira Júnior et al., 2020) and in Brazil (Caúla et al., 2015).

3. Results And Discussion
The results for the years 2015 to 2020 obtained by the model, which included respiratory system diseases
owing to their high �re risk, were R2 = 0.76, r = 0.87 and p = 0.0000. The model displayed a direct
relationship between the the distribution of respiratory diseases and �re risk, such that the greater the
increase in respiratory diseases cases. This relationship coincides with reality, suggesting that the
emission of highly toxic gases into the atmosphere directly interferes with human health, thus causing an
increase in respiratory diseases.

It is worth mentioning that the statistical model also revealed that children under the age of four years of
age are the most vulnerable group to respiratory diseases (Fig. 2). This corresponds to a previous study
carried out in Brazil, where the main cause of death among children was respiratory diseases
(Sigaud, 2003).

Fires, which can be of natural origin or, more often in the Midwest Region, of anthropic origin (Caúla et
al., 2015; Oliveira-Júnior et al., 2020), releases carbon monoxide (CO), carbon dioxide (CO2), methane
(CH4), particulate matter (PM), nitrogen oxides (NO2) and ozone (O3); the latter air pollutant is generated
by the action of sunlight on nitrogen compounds. In addition to these pollutants, �res release aldehydes,
hydrocarbons, inorganic acids and polycyclic aromatic hydrocarbons that can produce important clinical
manifestations in adults and children (Souza et al., 2020a, Souza et al., 2000b). It is worth mentioning
that �res represent more than 70% of the Brazilian carbon emissions (C) (Silva et al., 2009). The state of
MS is among the states known to have the highest rates of heat sources (Caúla et al., 2015), with 42,840
quanti�ed �re loci from 2015 to 2020Oliveira-Júnior et al., 2020).

The economy in the state of MS region is based on extensive breeding of beef cattle and agriculture of
staple foods, mainly soy (Silva Junior et al., 2018; Silva Junior et al., 2019). Recently, there has been an
intensive cultivation of corn and soybeans (economic drivers) and an increase in the mining and the
industry sectors. Given the base of its economy and its large extent, the state of MS has been
continuously using deforestation to meet the demands of its growing economy (Silva Junior et al., 2018;
Silva Junior et al., 2019). Burning is a cheap, fast and common practice in the region forsoil cleaning and
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pasture renewal (Franca and Setzer 2001; Caúla et al., 2015). Soy is the main contributor to the increase
in the deforestation problem in the region, due to the need to increase their productivity (Chuvieco et
al., 2008; Silva Junior et al., 2018; IBGE, 2020).

The total number of hot spots observed in the MS during the studied period was highly variable (Fig. 3).
This variability can be attributed to the expansion of the agricultural frontier (crops or land of family
agriculture) in the state in the last two decades, encouraged by the Federal Government. This
development was followed by rudimentary practices of planting and harvesting, deforestation, arson and,
ultimately, intra-seasonal and inter-annual variability of production systems and rain inhibitors in the
state (Caúla et al., 2015; Oliveira-Júnior et al., 2020). The dynamics of hot spots distribution within the
different regions of MS are strongly linked to the prevailing climatic conditions and human activities
characterize within each region.

Despite the variable climate in the state of MS, we aim to evaluate the seasonality change of hot spots.
Spring and winter had the highest �re frequencies, with 53% and 29% of the total outbreaks, respectively.
In autumn and summer, a much lesser degree of �re frequencies were found, of about 9% each (Fig. 3),
similarly to the results obtained by Caúla et al. (2015). The highest �re frequencies identi�ed in the MS
and its biomes were from August to October, corresponding to the most susceptible months to the
occurrence of hot spots in the state, due to the low precipitation and high temperatures during this time
(Oliveira-Júnior et al., 2020).

The frequency and distribution of �res in the MS are strongly associated with climatic conditions. These
conditions and detection by environmental satellites are important tools in monitoring and providing
information on �res on a regional scale (Lima et al., 2020). Spatial dynamics are conditioned by biomes,
land use and occupation, agricultural practices, deforestation and public policies, among others.

Figure 3 shows the density of the hot spots in the existing biomes in the state of Mato Grosso do Sul. The
municipalities of Corumbá and Porto Murtinho stand out with the highest occurrences of hot spots, with
the Pantanal biome encompassing 55% of hot spots. In the Cerrado biome, 36% of the hot spots were
located, where the municipalities Campo Grande and Ribas do Rio Pardo stood out with the highest
occurrence of hot spots. Lastly, 9% of the hot spots were identi�ed within the Atlantic Forest biome,
where, the of Rio Brilhante and Ponta Porã municipalities presented somewhat higher incidence.

The model generated can also be explained by an earlier study carried out in Curitiba-PR, where the
effects of air pollution on morbidity due to respiratory diseases in children were investigated. In this study,
data on respiratory diseases in children were related to several variables such as the levels of particulate
matter, smoke, nitrogen dioxide and ozone, inferring that all the investigated pollutants had effects on
respiratory diseases in children (Bakonyi et al., 2007).

Other studies, carried out in Brazil, have investigated the patterns of morbidity distribution using spatial
analysis techniques; few, however, have evaluated the morbidity of respiratory diseases related to
exposure to the pollutant (�re risk).However, these were mostly time series analysis ecological studies,
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which did not use Geographic Information Systems (GIS) (Junger and Leon, 2007; Bakonyi et al., 2004;
Cançado et al., 2006).

The exposure variable was chosen for modelling in the present study since it is currently considered to be
the one most strongly factor produced by air pollutants associated with the morbidity. Fire outbreaks,
produced by �re hazards, release particles that are capable of reaching the deepest regions of the
respiratory system, triggering in�ammatory processes in the pulmonary interstitium (Donaldson et
al., 2001). The deposition of these particles, when crossing the alveolar epithelium barrier, induces the
release of chemical mediators that lead to both local (hypoventilation, obstruction, in�ammation and
pulmonary infection) and systemic responses, due to the transport of these mediators through the
circulation, even acting directly in cardiac cells (Shi et al., 1996).

A large portion of the vulnerable groups included in the study (children and the elderly, Fig. 2), showed the
highest incidence of respiratory diseases and have occurred in the municipalities belonging to the
"Pantanal" region, which is characterized by large deforested areas and high concentrations of �re risks
(Fig. 3).

Regarding the age groups, several authors state that the most sensitive groups to air pollutants exposure
are children under �ve years old, elderly and individuals with respiratory diseases (Fig. 2) - (Organización
Panamericana de la Salud, 2005; Rumchev et al., 2007; Medina-Ramo et al., 2006). However, other risk
factors linked to socio-sanitary conditions are also associated with a broader development of respiratory
diseases in childhood, especially during the �rst year of a child’s life (Macedo et al., 2007; Caldeira et
al., 2005).

The spatial distribution of respiratory diseases by percentage displayed a well-de�ned pattern, where the
Pantanal municipalities of the State had the highest concentrations of �re risk and, consequently, a
greater number of �re outbreaks (Figure, 4). Artaxo et al. (2005) reported that the air quality in some
regions of the Amazon is strongly affected during the burning season, thus possibly worsening the air
parameters recorded in the urban city center of São Paulo, and similarly in the Pantanal. Such spatial
pattern was also assessed by Freitas et al. (2005), who described the emissions from �res in South
American ecosystems and observed the highest occurrence in the State of MSl, which is mainly
associated with agricultural expansion and land preparation for pasture planting.

The analysis of the multiple spatial regression models showed statistically signi�cant associations with
the prevalence of hospitalizations for respiratory system diseases and �re risks. Lopes and Ribeiro (2006)
mapped hospital admissions for respiratory issues and assessed the association of this morbidity to
human exposure to the products of burning sugarcane straw in some municipalities in the State of São
Paulo. By implementing spatial correlations analysis, they observed a higher occurrence of respiratory
diseases in regions where burning activity was higher. Ignotti et al, 2007 conducted a study on hospital
morbidity and mortality from acute respiratory disease in children under the age of �ve years in Mato
Grosso, where the highest morbidities were found in regions notorious for their high concentrations of
pollutants originating from burning biomass.
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In the State of MS there are several small municipalities, where health care services are still precarious,
and most of them do not have a hospital. This indicator allowed a better representation of supply and
demand in relation to traditional health indicators, originally built for larger municipalities, with a
minimum satisfactory capacity for installed care. However, Scatena (2000) warned that there is a certain
compromise in the hospital assistance system in certain municipalities in the region, where stagnation, in
terms of health policies, has been reported in recent years. This stagnation may re�ect de�ciencies in
health prevention activities, which, consequently, could lead to a greater demand for hospital care in
some municipalities, not necessarily related to the high concentrations of air pollutants.

In the study, the risk of �re was correlated with the number of hospitalizations. It was observed that
certain municipalities with a high �re risk did not present high concentrations of hospitalizations. This
can be partially explained by the time interval between the �re risk, which has its greatest intensity during
the period from April to July, and the �re phase that mainly occurs during August to October. Freitas et
al, 2005 pointed out that the estimates of biomass burning and the emission amount of a given chemical
compound, depends on the amount of biomass burned, and are different for the cerrado, a tropical forest,
from secondary and primary forests. In addition, the winds bring masses of air from the ocean, which
transport emissions from the burning area to the south (Freitas et al., 2005). Therefore, the smoke emitted
by �res in the Amazon region of the State of MT is transported to further south regions, and consequently
increasing the chronic exposure to smoke in an unrelated Amazon biome region and contribute to the
higher smoke concentrations to municipalities with typically minor �re (Artaxo et al., 2005). The State of
MS presents a climate characterized by a dry winter (July, August and September), when the continental
tropical air mass is stationed in the region and a rainy summer (January, February and March), when the
continental equatorial air mass predominates throughout the state (Botelho et al., 2003), most, if not all,
of the �res occur in the dry season. In this study, it was not possible to consider seasonality. However, the
inclusion in the model of the variable number of �res per municipality can be considered as an indirect
adjustment, since this number is associated with the longer or shorter duration of rain absence in the
municipalities of the State of Mato Grosso do Sul.

Here, the prevalence of hospitalizations for diseases of the respiratory system was used. (Bittencurt et al.,
2006) highlight that the Hospital Information System (SIH), from which the data is obtained, uses the
Hospitalization Authorization (AIH) as the unit of analysis and not the sick individual, meaning that the
same individual may be hospitalized more than once or even not admitted at all, although ill, due to
limitations in the hospital structure. Hence, the use of hospitalizations as an approximation of the
number of disease cases is fragile. However, hospitalizations datahas been pointed out as one of the
best indicators of injuries and respiratory diseases. On the other hand, the participation of the
supplementary health system is not relevant for the MS state or cities where DATASUS is responsible for
100% of the outpatient and hospital care, allowing the data used in this study to have good population
coverage.

Alves and Rodrigues (2005) study on health determinants in elderly people in the city of São Paulo,
reported that the level of education, among other socioeconomic variables, was highly associated with
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the perception of health, and age had a signi�cant in�uence. Perhaps the level of education contributes
to the elderly and / or their families to perceive with greater clarity certain health conditions that require
medical attention, which would be re�ected in the greater use of health services in certain municipalities.
It is important to highlight the di�culty of the Pantanal rural populations to access health services.
Studies that have investigated the availability of the health services and their geographic accessibility
show that the use of health services is reduced as the distance between the people in need for health care
and health services increases (Alves and Rodrigues, 2005). Therefore, the actual situation must be even
worse than the scenario veri�ed through SUS morbidity data, which considers only the cases that
managed to reach medical care - possibly the most serious cases.

Meteorological variables were not analyzed independently, which can be considered a limitation of this
study as there is a very close relationship between them to the original air pollution. Likewise, it was not
possible to include other air pollution indicators, due to the unavailability of data for all municipalities in
the state. This inclusion would be important, since MS is an agricultural state, with large areas planted
with sugar cane and, thus, characterizes a pressure of local exposures to several other air pollutants, and
its failure to consider it in the analysis could have led to the observation of spurious associations
between the exposure variable used and the prevalence of hospitalizations for respiratory disease in
sensitive groups.

When the data indicates counts by areas, the size of the population at risk can vary considerably between
the areas under study. The spatial spread of the risk of an event (for example, illness, death, etc.) is
usually shown via rate incidence maps. The purpose of the mapping is to infer the geographic
distribution of the rates and then to identify the areas where a greater or lesser incidence appeared, while
looking for a spatial pattern. When autocorrelation is utilized, nearby regions tend to have the same
pattern of the event of interest occurrence, whereas distant regions will present dissimilar patterns.
Coe�cient C showed that the levels of health and socioeconomic development of a given area, being
considered one of the most important epidemiological indicators used (Laurenti et al., 1985), and has
also been used as one of the main indicators of the quality of life of a population (DATASUS, 2012). The
rate is given by the relationship between the number of hospitalizations for respiratory diseases and the
total population of the municipality, at a particular place over a speci�c period of time, was calculated on
the basis of one thousand. (C) is an important indicator, because it re�ects the quality of health care, in
addition to indicating a concern for reducing disparities in the social pyramid.

Contextual characteristics as socioeconomic status and education, among others, have been considered
as a central determinants of health status (Bittencourt et al, 2006), being one of the motivations that led
us to the selection of the multiple spatial regression method. Additionally, it made it possible to minimize
random �uctuations in the prevalence of hospitalizations in small areas, allowing a better visualization of
their spatial distribution. The disadvantage of using this method, however, consists in the fact that it can
cause overestimation of the autocorrelation coe�cients in areas comprising a small number of events,
where smoothing the values of the municipality's variables towards the average of its neighbors is more
accentuated. Even so, the option of Bayesian estimates was chosen, as it is understood that, in smaller
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municipalities, the inconsistencies of the information records could produce a large variance in the
outcome variable, and a consequential decrease in the accuracy and validity of the analysis.

Figure 5 depicts the values of disease cases observed in the years, along with the estimated values,
which were obtained by the model, and their residues. According to Fig. 5b, the majority of municipalities
in MS had high values of respiratory diseases cases and still coincide with the observed data (Fig. 5a).
Figure 5c indicates the residues resulting from the difference between the observed and the estimated
values. All selected variables were directly related to the distribution of respiratory diseases.

In the eastern region of the state, an area that coincided with the presence of coal mining industries, the
direct relationship between population and cases of respiratory diseases indicated people's vulnerability,
since the industries are concentrated in the Rural Zone. In the northern region of the state, the model
presented similar factors, which is probably due to the origin of the CO emission and is not derived from
the carboniferous region.

It was also observed that despite the high values of respiratory diseases cases, they are still
underestimated. The variable rural and child populations (one to four years old) were directly related to
respiratory diseases, with the exception of the accumulated precipitation variable, which registered an
indirect association, that is, the lower the rainfall the greater the �re risk, �res and respiratory diseases
incidences. This fact pointed to the observed relationship between climatic conditions and the
deterioration of respiratory diseases, which, in this case, were greater during periods of drought. This
relationship is further con�rmed by a study carried out in the municipality of Presidente Prudente-SP,
located in the western region, which analyzed the in�uence of climatic factors on the case incidence of
respiratory system diseases. The results suggested that during periods of prolonged drought there is an
increase in the number of hospitalization for respiratory diseases (Souza and Neto, 2008).

The selection of variables in the model generated is justi�ed by the improved explanation of the
respiratory diseases case incidence. Environmental and socioeconomic variables that were removed from
the model, but had a strong association with the selected variables, can also be used as risk factors for
the occurrence of new cases of diseases. Among the socioeconomic variables, employment ties in the
manufacturing industry, urban population and population aged 65 years or over were highly correlated
with the population aged 1 to 4 years, which remained in the �nal model.

The results of the southern portion showed low values of the FMA index and �re risk during the rainy
season (Fig. 5), as the rates of both precipitation and humidity in this region were higher. The FMA values
varied between 10.37 to 15.25, and in the dry period the values ranged from 14.65 to 22.55 (Fig. 4). The
minimum, maximum and average �re risks values were1.50, 49.0 and 9.1, respectively (Fig. 6), during the
dry season, reaching a very high degree of danger (values ≥20) and an annual average values with a
high degree of danger (8.1 to 20.0). The annual average values of the FMA index ranged from 14 to 23,
reaching 23 to 28 during the dry, representing a high �re risk for the state of MS (Antunes, 2000).
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One must also consider the type of vegetation, since some can encourage �re as fuel, and in case the of
cerrado to the east, Pantanal to the west, tropical forest to the south, the vegetation, has �re-friendly
properties. The properties of fuels involve the type, diameter, weight and humidity, among which the
moisture content is the most important in �re control (Beutling et al, 2005). The annual map (Fig. 6),
similar the former maps, present lower values of the average �re risk in the east, increasing towards the
west.

In the eastern part, the values ranged from 13.61 to 19.07, and are considered low, although they cannot
be compared with the results of previous years, and to better identify the areas at risk of �re, the annual
map was constructed �re risk values (Fig. 6).

4. Conclusion
The study shows the importance of spatial assessment of the morbidity of respiratory diseases and their
relationship with the risk of �re resulting from biomass burning in the Cerrado and Pantanal biomes. The
study also indicates priorities for health service managers in the region, in order to reinforce an effective
diagnosis of respiratory diseases in vulnerable population groups. It is believed that the increase in the
severity of respiratory diseases can be determined by the interaction of climatic variables, together with
inadequate environmental conditions and low socioeconomic status.

It is interesting to note that, among the models generated from multiple linear regression, there was a
coincidence in the selection of some variables. The concentration of O3 pollutant, the precipitation and
the sub-populations presented by the models, indicates that these factors are relevant for the ideal
conditions of respiratory diseases in Mato Grosso do Sul.

The study also indicated that it is necessary to give special attention to the rural population, since they
are more vulnerable to the risk of becoming ill than the resident in urban areas. It is believed that in the
eastern region of the state, an area that coincides with the presence of coal mining industries, the direct
relationship between the rural population and cases of respiratory diseases indicates their vulnerability,
since the industries are concentrated in the rural area. In the northern region of the state, the research
points to similar factors, except that the origin of the ozone emission is probably from �re outbreaks.

This type of study can be useful for the health surveillance services of the before mentioned exposed
populations, as it points to environmental and socioeconomic factors that determine the distribution of
health problems. Therefore, better urban planning is proposed, aiming at the life quality of the population.
For the purpose of atmospheric pollution control and reduction, it is necessary to take some preventive
measures, together with the public and private sectors, that assist in reducing the emission of toxic gases,
prioritizing the health of the population.

This study sets up a platform to test and to estimate the risk of �re in the state of Mato Grosso do Sul
and its association to respiratory diseases ratio. To this end, we integrated methods for predicting
cumulative �re risk indices and map production according to the results of the applied index.
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The climatic variability (relative average of the air measured at 1 pm and daily precipitation) was
recorded monthly, and was applied within the Monte Alegre formula, thus obtaining information on more
susceptible areas to the occurrence of �res and respiratory diseases. The importance of carrying out this
work is that through the production of thematic maps, it is possible to identify when and where the risk of
�re is the greatest, therefore being able to invest most effectively in a system in order to �ght �res and
their unfortunate link to respiratory diseases.

The system used to determine the speci�c daily diagnosis for the risk of �re and respiratory diseases is
satisfactory. However, it is suggested that some efforts should be made for increasing the accuracy of
�re risk estimation, such as the use of a more extensive and accurate historical database of �re outbreak
occurrences to have a more robust relationship between index values �re risk.
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Figure 1

Left-upper: The location of the state of Mato Grosso do Sul in Brazil; right-upper: the boundaries of the
three Mato Grosso do Sul biomes (Cerrado, Atlantic Forest and Pantanal), the maps of altitude (left-lower)
and climatic classi�cation (right-lower) including the location of weather stations. Note: The designations
employed and the presentation of the material on this map do not imply the expression of any opinion
whatsoever on the part of Research Square concerning the legal status of any country, territory, city or
area or of its authorities, or concerning the delimitation of its frontiers or boundaries. This map has been
provided by the authors.
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Figure 2

Percentage (%) of the number of hospitalizations for respiratory diseases by age group in the state of
Mato Grosso do Sul, from 2015 to2020.
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Figure 3

Kernel density map of heat sources for the biomes of Mato Grosso do Sul between 2015 and 2020. Note:
The designations employed and the presentation of the material on this map do not imply the expression
of any opinion whatsoever on the part of Research Square concerning the legal status of any country,
territory, city or area or of its authorities, or concerning the delimitation of its frontiers or boundaries. This
map has been provided by the authors.

Figure 4
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Figure 5

Results generated by the regression model, based on data on respiratory disease (DAR) for the years
2015 to 2020: (a) observed (b) estimated and (c) residues. Note: The designations employed and the
presentation of the material on this map do not imply the expression of any opinion whatsoever on the
part of Research Square concerning the legal status of any country, territory, city or area or of its
authorities, or concerning the delimitation of its frontiers or boundaries. This map has been provided by
the authors.
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Figure 6

The average �re risk class spatially distributio for the State of Mato Grosso do Sul, in the period from
2015 to 2020. Note: The designations employed and the presentation of the material on this map do not
imply the expression of any opinion whatsoever on the part of Research Square concerning the legal
status of any country, territory, city or area or of its authorities, or concerning the delimitation of its
frontiers or boundaries. This map has been provided by the authors.


