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Abstract
The frequency and magnitude of global warming events varies greatly across different regions and countries. The climatic diversity for China and future
warming features are projected across twelve climatic zones based on the ensemble of the �ve well-performing high resolution downscaled climate models
for each zone. There are warming patterns for the mean near surface air temperature (Tm), maximum near surface air temperature (Tmax), minimum near
surface air temperature (Tmin) as well as heat stress and frost events. Under RCP4.5 and RCP8.5 scenarios, the three indices (i.e., Tm, Tmax and Tmin)
countrywide are likely to increase at respective rates of 0.30-0.31 and 0.64-0.67 oC per decade. The extent of freezing-event extent (FE) are projected to
decrease at a rate of -1912 and -4442 day·km2 per decade while the extent of heat-stress event (HE) increase at 1116 and 3557 day·km2 per decade. A higher
increment in temperatures as well as a decreasing trend in the diurnal temperature range (DTR) and frost days and FE are present on the Tibetan Plateau and
northern China including Xinjiang, Northeast China, the eastern part of northwest China, Inner Mongolia and North China. These trends are opposite to those
projected for southern China including Huanghuai, Jianghuai, Jianghan, the south Yangzi River, South China and Southwestern China. The warming occur
faster in the current colder zones (northern China and the Tibetan Plateau) while heat stress is more intense and severe in Jianghuai, Jianghan, the south
Yangzi River, South China and Xinjiang. These potential changes indicate that adaption and mitigation strategies are necessary in response to future warming.

1 Introduction
There is broad agreement that global warming has increased by 0.85 oC in temperature records from 1880 to 2012 (IPCC 2013). This mean trend in warming
also corresponds to decreases in cold and increases in warm extremes over the major global land masses since the mid-20th century (IPCC 2013). These
events are also re�ected in a smaller value for the global diurnal temperature range (DTR) due to unsynchronized variations in maximum and minimum
temperatures (IPCC 2013). These types of diverse spatial patterns are apparent globally and more signi�cant in particular regions of the globe such as the
eastern United States, northern Europe, western Africa and East Asia (IPCC 2014). Large parts of Europe, Asia and Australia are experiencing increased
extreme warm events that have already led to catastrophic consequences such as forest �res in the Amazon and Australia in 2019 and locust outbreaks in
East Africa in 2020.

China has a diverse geography that is associated with a record of 0.9–1.5 oC increase in its average temperature from 1909 to 2011 (China's Third National
Assessment Report on Climate Change, 2015). The DTR is also decreasing at a rate of -0.04 to -0.20°C per decade as calculated using data from 1951 to 2014
(Sun et al. 2019). In terms of regional characteristics, there have been increasing temperatures and decreasing DTR in northern China (Zhang et al. 2011;
Wang et al. 2017c; Shi et al. 2019), more frequent and intense heatwaves in mid-eastern China (Huang et al. 2018) and decreased frost events overall but
particularly in northern China (Guo et al. 2019).

Skillful projections of future climatic trends are vital for an understanding of the causes and potential mitigation and adaptation strategies for climatic
alterations. Over the past ~ 30 years, different greenhouse gas (GHG) emission scenarios has been developed, including the Intergovernmental Panel on
Climate Change scenarios published in 1992 (IS92; IPCC, 1992), the Special Report for Emission Scenarios (SRES; IPCC, 2007), the Representative
Concentration Pathways (RCP; IPCC, 2013) up to the present Shared Socio-Economic Pathway (SSP; IPCC, 2019). General temperature features have been
extensively explored under these scenarios for China (Tian et al. 2015; Wang et al. 2015; Bannister et al. 2018). A warming of 1–3 oC is projected over China in
the 21st century under the SRES B1, A1B and A2 scenarios with larger magnitudes in northern China (Chen et al. 2011; Jiang et al. 2009, 2012). Recently,
characteristics of temperature increments have been analyzed under RCP scenarios (Zhao et al. 2016; Wang et al. 2017b; Huang et al. 2018) and these
projections indicated that the national average temperature respectively increases by 0.76, 1.84 and 2.10 oC in the periods 2017–2036, 2046–2065 and 2080–
2099 under RCP4.5 (Guo et al. 2018b), as well as 5.7 oC in 2070–2099 under RCP8.5 (Zhu et al. 2017). Global climate model (GCM) simulations are diverse in
their GHG emissions scenarios and can provide general acceptable results particularly worldwide or nationwide. However, these can not meet the demand of
many impacts related studies at the regional or local scale, due to their coarse resolution (Yue et al. 2016; Marotzke et al. 2017). A series of statistical
downscaling (SD) methods and dynamical downscaling ways (DD, i.e., regional climate model) have thus been applied to these models to produce high-
resolution climate scenario datasets that account for average and extreme temperature alterations (Zhu et al. 2013; Gao et al. 2017; Liang et al. 2019; Niu et
al. 2018; Zhou et al. 2018). These works have demonstrated that SD and DD are more robust in performance of the characteristics of regional and local
climatic features. In addition, more skillful projections can be obtained from �ner-resolution outputs although there is still inconsistent performance in sub-
regions such as a cold bias for eastern and northwestern China (Ji and Kang 2015) and poor simulation in reproducing spatial patterns of extreme
temperatures in western China (Zhu et al. 2017; Guo et al. 2018a; Zhai et al. 2019). The primary reason for these discrepancies is that bias corrections
between outputs from models and observations have been inevitable (Guo et al 2018b).

The whole of mainland China is divided into several climatic zones according to regional characteristics (Huang et al. 2018). In particular, the annual average
temperatures for the Tibetan Plateau and northern China have been greater than in the east and south (Tian et al. 2015). A negative DTR trend and larger
reductions of frost days have been demonstrated in Tibetan Plateau (Yang et al. 2014; You et al. 2017) along with heatwaves in the central and eastern
regions (Huang et al. 2018; Lin et al. 2018). However, a systematic exploration that includes these regional features for future warming is still lacking and a
more complete scienti�c understanding of regional future warming trends is needed especially based on more accurate and �ner-resolution multi-model
climate projections processed using SD and DD. The purpose of this study is to unveil the potential spatial-temporal features of temperatures for the 21st
century across different climatic zones over mainland China based on an ensemble of the �ve well-performing SD or DD outputs for each zone. Changes of
mean temperature, maximum and minimum temperatures as well as the DTR are analyzed for mean warming trends and frost and heatwaves are quanti�ed
at a regional scale to reveal extreme temperature trends.

The structure of this study is organized as follows: (Sect. 2) brief descriptions of the study region, model datasets, analytic methods and emphatic points;
(Sect. 3) results related to future regional changes of average and extreme temperatures under RCP4.5 and RCP8.5 scenarios; (Sect. 4) analysis of the
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reliability of the associated methods and �ndings and (Sect. 5) a summary of the primary results.

2 Material And Methods

2.1 Study region and datasets
The diverse geography of China includes multiple land types and atmospheric circulation systems responsible for differing climatic conditions for China. The
whole of mainland China is divided into 12 climatic zones (Huang et al. 2018) as follows: Northeast China (NE), North China (NC), Inner Mongolia (IM),
Huanghuai (HH), Xinjiang (XJ), the eastern part of northwest China (WE), Jianghuai (JH), Jianghan (JHa), the south Yangzi River (SY), South China (SC),
Southwestern China (SW) and the Tibetan Plateau (TP) (Fig. 1).

The climate scenarios datasets used for the analyses in this paper contain those generated from twenty GCMs (Table S1) from the Coupled Model
Intercomparison Project Phase 5 and one regional climate model named Providing Regional Climates to Impact Studies (PRECIS, version 2.1) (Xu et al. 2006;
Yang et al. 2010; Zhang et al. 2017; Li et al. 2018). The daily simulations extend from the years 1961 to 2100, and the historical observations for the period of
1961–2005 are used for model validation and calibration.

2.2 Statistical downscaling for GCMs and bias correction for PRECIS outputs
Since local climate features cannot be re�ected from the coarse GCM resolutions, we apply the statistical downscaling method named Bias Correction Spatial
Disaggregation (BCSD) to the daily GCM outputs. The BCSD is appropriate for its effective capture of biased statistical characteristics and direct
implementations to the daily outputs (Bürger et al. 2012). The BCSD (Ning et al. 2015; Werner and Cannon 2015) utilizes quartile mapping to correct the bias
between raw GCM outputs and then interpolates the adjusted scaling factors to generate �ne-resolution (0.25o × 0.25o) outputs, which detailed algorithm is
described in previous work (Zhang et al. 2020). For PRECIS, it is appropriate for using the same quartile mapping bias correction procedure to correct the bias
between PRECIS outputs and observation.

2.3 Temperature indices
The terms Tm, Tmax, Tmin and DTR are employed to describe the mean trends of spatial-temporal warming features. Heatwaves and frost are of particular
interest as these extreme events have signi�cant impacts on human communities, agroecosystems and socio-economic development (Jones et al. 2015;
Kukal and Irmak 2018; Liu et al. 2018). Therefore, four indices, i.e., heat stress days (HD), frost days (FD), the extent of heat-stress event (HE) and the extent of
freezing event (FE) are as constructed as follows:

where HD is the number of days with daily Tmax greater than 35 oC in one year; FD is the number of days with daily Tmin less than 0 oC in one year; HE and FE
are regional extent indices calculated by multiplying the mean value of HD or FD and the area (with the unit of km2) of grids (SHD or SFD) exposed to heat
stress or frost in a speci�c zone.

The time periods, 2031–2060 (P1) and 2071–2100 (P2), are chosen to represent the mid- and late- 21st century for the analysis of temperature change
features via comparisons with the baseline period 1961–1990 (P0). The Thiel-Sen method (Thiel 1950; Sen 1968) with no limitation of the in�uence of the
outliers on the slop, is used to evaluate trends for these variables as follows:

where xi and xj are the sequential data values of time i and j in the time series, Ts is the estimated magnitude for the variables.

The performances that are presented in the simulations used with statistical downscaled GCMs and bias corrected PRECIS are different in re�ecting regional
temperature projections. The top �ve well-performing models (Table S2) are selected for each zone as described previously (Zhang et al. 2020), by the metric
of a comprehensive ranking index coupled of the spatial correlation coe�cient, the root-mean-square error, standard deviations and symmetrical uncertainty.
An ensemble of the top �ve well-performing models for each zone is utilized to maximize the regional robustness of the models (Xu et al. 2010; Xu et al.
2013).

3 Results

3.1 Potential warming features of average temperatures
The values for Tm, Tmax and Tmin relative to the period 1961–1990 are projected to increase across all regions of China and the increments increase from
southeast to northwest. These trends include representative warming of 6.3 and 5.1 oC in XJ and TP for Tm, 6.2 and 5.6 oC for Tmax, 5.7 and 6.5 oC for Tmin
from 2071–2100 under RCP8.5 (Figs. 3 and 4). The national average trend of Tm, Tmax and Tmin in the period 2006–2100 reach 0.30, 0.30 and 0.31 oC per
decade under RCP4.5, 0.64 and 0.65 and 0.67 oC per decade under RCP8.5, respectively (Fig. 4 and Table 1). The tendency of maximum Tmax (yearly
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maximum value of Tmax) under RCP4.5 and RCP8.5 is 0.01 and 0.02 oC per decade higher than Tmax, and the minimum Tmin (yearly minimum value of
Tmin) is 0.05 and 0.09 oC per decade higher than Tmin, respectively. These data are consistent with lower base values but higher increments for Tm, Tmax
and Tmin for XJ, TP, NE, WE, IM and NC while a higher value but lower increment is projected for SC, SY, JH, JHa, SW and HH (Fig. S1-S3).

The DTR will not obviously vary during different periods (Figs. 5 and S4) and spatial comparisons for 2031–2060 and 1961–1990 illustrate that DTR
increases in western XJ, southern NC, HH, JH, JHa, SY, SC, SW and central and northeastern TP where Tmax increases faster than Tmin (Fig. 6). Relative to
2031–2060, the DTR for 2071–2100 under RCP8.5 decreases for NE but increases in the central regions (i.e., HH, JH, JHa, northern SY and northern SW).
These projections are less apparent using RCP4.5. Overall, a smaller DTR is detected for HH, JH, JHa, SY, SC and SW in which an upward trend in DTR is also
projected (Table 1 and Fig. S4).

 
Table 1

Thiel-Sen results for Tm/Tmax/Tmin/DTR/FD/HD in different periods (P0, P1 and P2 represent 1961–1990, 2031–2060 and 2071–2100, respectively; unit is p

  P0 2006 ~ 2100-
RCP4.5

2006 ~ 2100-
RCP8.5

P1-RCP4.5 P2-RCP4.5 P1-RCP8.5 P2-RCP8.5

China 0.017,0.016,0.019,

-0.003,-0.161,0.027

0.030,0.030,0.031,

0.001,-0.235,0.133

0.064,0.065,0.067,

0.003,-0.530,0.395

0.035,0.037,0.034,

0.003,-0.271,0.177

0.008,0.008,0.006,

0.002,-0.060,0.047

0.065,0.065,0.065,

0.006,-0.528,0.351

0.074,0.071

0.010,-0.592

HH 0.011,0.009,0.014,

-0.005,-0.18,-0.003

0.029,0.031,0.028,

0.003,-0.309,0.279

0.061,0.063,0.041,

0.008,-0.481,0.305

0.036,0.039,0.029,

0.010,-0.284,0.436

0.004,0.005,0.006,

-0.001,-0.102,0.093

0.060,0.061,0.060,

0.001,-0.826,0.662

0.071,0.073

0.004,-0.761

JHa 0.012,0.012,0.012,

0.001,-0.104,0.037

0.029,0.031,0.0270,

0.004,-0.275,0.302

0.061,0.064,0.041,

0.007,-0.528,0.384

0.036,0.04,0.029,

0.013,-0.253,0.468

0.003,0.003,0.004,

0.002,-0.047,0.062

0.059,0.061,0.057,

0.007,-0.592,0.750

0.068,0.071

0.006,-0.419

SC 0.009,0.012,0.009,

-0.001,-0.02,0.033

0.026,0.026,0.025,

0.003,-0.017,0.375

0.052,0.053,0.040,

0.003,-0.044,0.487

0.032,0.035,0.029,

0.006,-0.014,0.54

0.008,0.011,0.006,

0.005,-0.004,0.094

0.055,0.058,0.054,

0.004,-0.035,1.019

0.057,0.056

-0.002,-0.012

SY 0.009,0.008,0.009,

-0.002,-0.091,0.019

0.028,0.029,0.026,

0.004,-0.132,0.31

0.057,0.06,0.039,

0.005,-0.303,0.426

0.032,0.036,0.028,

0.009,-0.147,0.454

0.007,0.008,0.006,

0.003,-0.017,0.117

0.059,0.063,0.056,

0.007,-0.281,0.784

0.063,0.066

0.005,-0.151

SW 0.008,0.009,0.009,

-0.001,-0.057,0.006

0.027,0.028,0.026,

0.003,-0.151,0.095

0.056,0.058,0.040,

0.001,-0.307,0.103

0.033,0.036,0.031,

0.008,-0.167,0.134

0.007,0.009,0.005,

0.004,0.009,0.062

0.058,0.061,0.056,

0.006,-0.332,0.262

0.063,0.066

0.005,-0.186

WE 0.015,0.017,0.016,

-0.001,-0.143,0.007

0.031,0.030,0.032,

-0.001,-0.279,0.084

0.064,0.064,0.045,

0.001,-0.406,0.071

0.036,0.037,0.034,

0.003,-0.321,0.111

0.005,0.007,0.004,

0.001,-0.06,0.003

0.063,0.062,0.065,

-0.003,-0.807,0.222

0.074,0.073

-0.005,-0.98

NE 0.019,0.018,0.021,

-0.003,-0.132,0.004

0.031,0.030,0.031,

-0.001,-0.194,0.044

0.068,0.065,0.052,

-0.006,-0.315,0.035

0.034,0.034,0.033,

0.001,-0.204,0.052

0.007,0.006,0.006,

0.001,-0.021,0.014

0.063,0.061,0.064,

-0.004,-0.643,0.109

0.082,0.074

-0.015,-0.86

IM 0.021,0.018,0.022,

-0.003,-0.146,0.027

0.033,0.034,0.031,

-0.001,-0.197,0.105

0.067,0.065,0.050,

-0.006,-0.297,0.108

0.033,0.035,0.032,

0.001,-0.206,0.142

0.006,0.006,0.006,

0.001,-0.017,0.029

0.064,0.063,0.064,

-0.003,-0.67,0.255

0.079,0.073

-0.010,-0.87

NC 0.015,0.013,0.019,

-0.004,-0.138,-0.004

0.030,0.031,0.029,

0.001,-0.244,0.168

0.063,0.063,0.042,

0.004,-0.352,0.147

0.033,0.034,0.031,

0.004,-0.242,0.206

0.009,0.009,0.009,

-0.001,-0.089,0.048

0.061,0.061,0.061,

-0.003,-0.779,0.388

0.075,0.074

-0.004,-0.96,

XJ 0.024,0.025,0.025,

-0.002,-0.176,0.11

0.032,0.032,0.032,

0.001,-0.253,0.217

0.069,0.069,0.050,

-0.002,-0.368,0.317

0.042,0.043,0.041,

0.001,-0.324,0.27

0.004,0.004,0.004,

0.001,-0.049,0.047

0.072,0.068,0.069,

-0.001,-0.721,0.554

0.081,0.076

-0.005,-1.052

JH 0.009,0.009,0.012,

-0.003,-0.129,0.007

0.029,0.030,0.027,

0.003,-0.230,0.313

0.059,0.062,0.039,

0.007,-0.433,0.365

0.034,0.039,0.028,

0.011,-0.220,0.505

0.001,-0.002,0.003,

-0.002,-0.011,0.069

0.061,0.062,0.059,

0.004,-0.554,0.738

0.068,0.072

0.007,-0.398

TP 0.017,0.015,0.018,

-0.003,-0.256,0.002

0.032,0.032,0.032,

-0.001,-0.373,0.006

0.069,0.068,0.048,

-0.001,-0.574,0.006

0.037,0.038,0.038,

0.001,-0.422,0.007

0.008,0.012,0.007,

0.004,-0.117,0.003

0.071,0.072,0.073,

-0.001,-0.946,0.014

0.075,0.071

-0.013,-1.428

3.2 Potential warming features of extreme temperature events
Spatial comparisons also demonstrate that the FD for 2031–2060 under RCP4.5 relative to 1961–1990 shrink by 20–40 days for TP, HH, JH, JHa and
southern WE while FD is much shorter in most regions under RCP8.5. There is a general shrinkage of < 10 days and 5–50 days across the whole country under
RCP4.5 and RCP8.5 for 2071–2100, respectively (Fig. 7). The decreasing rate of FD at the national level is calculated as -2.35 and − 5.30 days per decade
during 2006–2100 under RCP4.5 and RCP8.5, respectively (Fig. 8 and Table 1). This is the most obvious for FD in TP with a respective rate of -3.73 and − 5.74
days per decade under RCP4.5 and RCP8.5 (Table 1). Comparisons of regional FD between 2071–2100 and 1961–1990 illustrate that the decrement under
RCP8.5 is > 42 days for WE, NE, IM, NC, XJ and TP, twice as much as the decrement under RCP4.5 (Fig. 9). The regional intensities indicate the countrywide FI
decreases from 1.63×105 day·km2 (1961–1990) to 1.39×105 day·km2 and 1.22×105 day·km2 (2071–2100) under RCP4.5 and RCP8.5, respectively. The
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tendency of the countrywide FE is -4442 day·km2 per decade for 2006–2100 under RCP8.5, more than twice that calculated under RCP4.5 (-1912 day·km2 per
decade). It is clear that the decreasing trend in FE is present for TP, XJ, IM, NE, WE and NC, though these values are still high (Fig. 10).

The HD for 2031–2060 under RCP4.5 relative to 1961–1990 increases by 25–35 days in southern XJ, 15–30 days in southeastern NC, central-western HH, JH,
JHa, SY, SC and northeastern SW while the increment is less under RCP8.5 (Fig. 7). In 2071–2100 relative to 2031–2060, there is a increment of 10–25 days
under RCP4.5 in central-eastern regions and southern XJ and 30–75 days under RCP8.5. The countywide HD is likely to increase at a rate of 3.95 days per
decade for 2006–2100 under RCP8.5, nearly three times as much as that under RCP4.5 (Fig. 8 and Table 1). Regional comparisons of HD between 2071–
2100 and 1961–1990 indicate that the increment is > 52 days in SY, SC, JH, JHa and HH under RCP8.5 and > twice that under RCP4.5 (Fig. 9). The HE ranges
from 0.32×104 day·km2 in 1961–1990 to 1.39×104 and 3.00×104 day·km2 in 2071–2100 under RCP4.5 and RCP8.5, respectively (Fig. 11). There is an
increasing trend for HE at a rate of 3557 day·km2 per decade under RCP8.5 that is > 3 times that calculated under RCP4.5 (1116 day·km2 per decade) and > 7
times the baseline (455 day·km2 per decade). It is obvious that higher values and increasing trends for HE are demonstrated in XJ, SY and SC. In particular, the
tendency of FI in XJ is 346 and 886 day·km2 per decade for RCP4.5 and RCP8.5, nearly twice as much as that for SY and SC.

4 Discussion
Based on the optimal ensemble of top �ve well-performing bias-corrected climate models, we project the potential features of future warming across mainland
China. In general, there are homogeneous increases for Tm, Tmax, Tmin and HD and decrease for FD under RCP4.5 and RCP8.5 scenarios modeling.
Comparisons between these scenarios elucidate future increasing warming trends and more signi�cant increments are projected under RCP8.5 and correlate
well with potential GHG emission assumptions. Larger increments are found for Tm, Tmax and Tmin in the northern and western zones, which is consistent
with previous �ndings (Zhang et al. 2011; Zhou et al. 2014; Chen and Frauenfeld 2014; Tian et al. 2015). The probabilities for Tm values with increments > 4.0
oC for 2070–2099 relative to 1961–1990 are calculated at 60 % for the regions NE, XJ, WE and TP. This is higher than other regions in China as predicted
under the SRES A1B scenario (Chen et al. 2011). The strongest warming trend has been projected for the higher latitudes and high-elevation areas under
RCP4.5 and RCP8.5 (Xu et al. 2019) and future increases in the magnitude of Tm, Tmax and Tmin are consistently greater in northern China (Guo et al. 2018b)
as well as inland areas of the northwest (Wang and Chen 2014). Overall, These studies predict a homogenous warming in western and northeastern China and
are similar to the �ndings in the current study. These results are also consistent with radiative �ux approximations where higher downward longwave and
shortwave radiation decrease while upward shortwave radiation increases in southern zones leading to a lower temperature increase (Chen and Zhou 2016).
However, the warming magnitudes derived from these previous studies and our projection are unequal and can be attributed to differences in selected models,
scenarios and downscaling and bias correction processes.

Tmax and Tmin also display inconsistent increases that led to distinctive patterns for the DTR. A consistent DTR decreasing trend for 1961–1990 is
demonstrated for NE, IM, NC, WE and XJ. This has been previously attributed to the greater increments for Tmin than Tmax (Wang et al. 2017b; Shi et al.
2019). In future periods, Tmax rarely increases faster than Tmin in the northern and western zones and is attributed to evaporation increases and decreases in
soil moisture affected by warming (Russo and Strel 2011). In addition, widespread signi�cant warming trends have been predicted for all temperature-related
extreme indices except for DTR across the Loess Plateau (Wang et al. 2017a). This is also consistent with the unobvious trend for DTR across WE found in the
current study.

The metrics of extremes are also presented in the current study to illustrate potential alterations for heat waves and frost under climate warming because they
are closely linked to human communities, ecosystems and regional economic development (Jones et al. 2015; Kukal and Irmak 2018; Liu et al. 2018).
Generally, FD is projected to decrease in the future, which strongly concurs with other similar studies that modeled the responses of cold extremes to warming
(Yang et al. 2014; Guo et al. 2018a). It is projected that FD gradually shorten in the middle and late 21st century, with larger decreases in TP and marginal
areas of the southwest but smaller changes in the southern regions (Guo et al. 2018a; Guo et al. 2018b; Yang et al. 2014). These projections match the
projections found in the current work. The projected decrement of FD for 2070–2099 relative to 1961–1990 is likely to be 25.7 days under RCP4.5 and 45.6
days under RCP8.5 (Xu et al. 2018). This is a bit different to our projected decrement and might have resulted from the differential selection of models and
methods. Contrary to FD, HD increases across China under warming with a larger increment in the eastern and southern regions and is consistent with
previous studies that reveal eastern and southern China tend to be more sensitive to increases in warm extremes (Huang et al. 2018; Xu et al. 2018). A record
hot summer is observed in eastern China in 2013 and the frequency of similar heat events is projected to increase by 16 and 33 times when global warming is
at the level of 1.5 and 2°C, respectively (Lin et al. 2018). Speci�cally, the tendency of HD in 2071–2100 under RCP4.5 is larger than 1961–1990 while the
tendency of Tmax is lower due to the larger incremental magnitudes in extreme Tmax. We additionally analyze FE and HE and �nd regional intensity of heat
and frost events that can provide quantitative comparisons and highlighted the heat-sensitive zones. The changes in heat and frost events are primarily
con�ned to the zones threatened by the extremes suggesting an ongoing threat should be expected in these zones.

A bene�t of climate warming is that it can promote effective utilization of potential thermal resources such as prolongation and a northern shift of growing
season (Zhang et al. 2014; Li et al. 2015). However, some negative reactions are inevitable such as an overall negative impact on crop yields if no appropriate
remediation measures are taken (Challinor et al. 2014; Zhao et al. 2016). It should be emphasized that frost is likely to occur on some days across some parts
in future period, although there is a general decrease in FD. Previous studies have concluded that the length of frost duration during growing seasons lengthen
in many areas at latitudes > 30°N although climate warming reduces the total number of frost days (Liu et al. 2018). A larger increment of HD is projected
around the eastern and southern regions where the agricultural production dominates China’s food security. Following more frequent heat waves, rice will be
threatened by more severe heat stress along the Yangtze River (Zhang et al. 2018). In addition, higher intensity of population in eastern and southern regions
implies that heat stress has posed a threat on human outdoor activities, health and eventual mortality as well as morbidity (Fischer and Knutti 2013; Sylla et
al. 2018; Li et al. 2018b). Better insights into these characteristics can enable us to conduct a better adjustment to climate change, especially those relief
measures over high exposure regions.
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Gridded and shaded areas derived from Figs. 4 and 9 indicate that bias corrected values vary within only a small range compared to raw values, implying that
bias correction is reliable and necessary for these analysis. The variations for Tm, Tmax, Tmin, DTR, FD and HD in future periods and differences between
GCMs and PRECIS for 2071–2100 is larger than for 2031–2060 and 1961–1990 (Figs. 2, 5 and 7). This means that the inter-model uncertainty is enlarged in
the late 21st century since individual models behave differently in response to identical external forces (Guo et al. 2018a; Wang et al. 2017b). The differences
for FD projections among the models tend to be larger with greater warm forcings (Wang et al. 2017b) so that the uncertainty between models deserves
special attention. One reason for these differences is the inherited uncertainties that originate from emission scenarios and GCM parameterization schemes
that can be reduced by the downscaling method but cannot be totally removed (Ning et al. 2012). Another reason is that there is the assumption that the trend
will be consistent in the future periods when bias correction is processed. In fact, the future projections are very sensitive to the present climate bias of a
model but the inter-relationships are highly nonlinear and dependent (Liu et al. 2013). A potentially better way to optimize the difference is to take ensemble
usage including performance-based and equal-weighted ensembles (Wang and Chen 2014; Niu et al. 2018; Zhang et al. 2018). Of course, performance-based
ensembles may be more appropriate if the outputs can be distinguished into skillful and unskillful. If not, the equal-weighted ensemble like in the current study
can be useful for future models related to climate change assessments.

5 Conclusions
We use the ensemble of top �ve well-performing models selected from statistical downscaled GCMs and bias corrected PRECIS for each climatic zone. Future
projections for temperatures are systematically analyzed in detail to explore regional characteristics across mainland China under RCP4.5 and RCP8.5
scenarios. It is found that:

1) The future warming rate across the whole of mainland China are likely to reach 0.64 oC per decade and the respective potential rate of FE and HE reach − 
4442 and 3557 day·km2 per decade under RCP8.5, about twice that under RCP4.5.

2) The warming increments are higher in the Tibetan Plateau and northern China including Xinjiang, Northeast China, the eastern part of northwest China,
Inner Mongolia and North China. The DTR generally decreases and is attributed to a more rapid increase in minimum relative to maximum temperatures.
Additionally, a higher value but downward trend in FE is expected in these zones suggesting the current colder areas warm up much faster.

3) In contrast to the Tibetan Plateau and northern China, a lower increment in temperatures and upward trend in DTR are projected in southern China including
Huanghuai, Jianghuai, Jianghan, the south Yangzi River, South China and Southwestern China. A higher value and upward rate in HE is highlighted in
Jianghuai, Jianghan, the south Yangzi River and South China which are prone to heat stress that are more severe in the future.

Mainland China is very likely to be faced with a general future warming, implying that GHG mitigation is necessary and indispensable in response to climate
warming. Moreover, warming changes are different among climatic zones especially for southern and northern parts that have contrary trends suggesting the
further exploration of mitigation and adaptation for these speci�c vulnerable regions.
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Figures

Figure 1

The location of study region (DEM is Digital Elevation Model )
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Figure 2

Variation of Tm, Tmax and Tmin different periods (P0, P1 and P2 represent 1961-1990, 2031-2060 and 2071-2100, respectively; Colored bars show the
variation between models; Dashed horizontal line represent the mean value in the whole of mainland China)

Figure 3

Change of Tm, Tmax and Tmin between different periods (P0, P1 and P2 represent 1961-1990, 2031-2060 and 2071-2100, respectively; P1/P0 and P2/P1
represent the value of P1 minus P0 and P2 minus P1)
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Figure 4

Variation of Tm, Tmax and Tmin with year (Red line, blue line, orange line, shaded area and gridded area indicate the ensemble of all models in the observed
period, ensemble of all models under RCP4.5, ensemble of all models under RCP8.5, range of bias corrected models and range of raw models, respectively)

Figure 5

Variation of DTR during different periods (P0, P1 and P2 represent 1961-1990, 2031-2060 and 2071-2100, respectively; Colored bars show the variation
between models; Dashed horizontal line represent the mean value in the whole of mainland China)
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Figure 6

Change of DTR between different periods (P0, P1 and P2 represent 1961-1990, 2031-2060 and 2071-2100, respectively; P1/P0 and P2/P1 represent the value
of P1 minus P0 and P2 minus P1)
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Figure 7

Change of FD and HD between different periods (P0, P1 and P2 represent 1961-1990, 2031-2060 and 2071-2100, respectively; P1/P0 and P2/P1 represent the
value of P1 minus P0 and P2 minus P1)

Figure 8

Variation of DTR, FD and HD with year (Red line, blue line, orange line, shaded area and gridded area indicate the ensemble of all models in the observed
period, ensemble of all models under RCP4.5, ensemble of all models under RCP8.5, range of bias corrected models and range of raw models, respectively)
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Figure 9

Variation of FD and HD during different periods (P0, P1 and P2 represent 1961-1990, 2031-2060 and 2071-2100, respectively; Colored bars show the variation
between models; Dashed horizontal line represent the mean value in the whole of mainland China)

Figure 10

Yearly change of FE across the whole of mainland China and regions
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Figure 11

Yearly change of HE across the whole of mainland China and regions

Supplementary Files

This is a list of supplementary �les associated with this preprint. Click to download.

Supplements.docx

https://assets.researchsquare.com/files/rs-906550/v1/9df1d220f78ea5b9568ceadf.docx

