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PLEASE LET SCIENCE TALK: PRESIDENTIAL SENTIMENT AND THE PUBLIC’S RISK 

PERCEPTION IN THE ERA OF COVID-19 

 

Abstract 

We examine whether and to what extent the presidential COVID-19 sentiment (PCS), constructed based 

on the former President Trump’s tweets, has influenced the public’s risk perception regarding COVID-

19. We find that during the COVID-19 pandemic, PCS is negatively associated with social distancing 

behaviour in the Republican counties but is positively associated with social distancing behaviour in the 

Democratic counties.  Our finding supports the view that individuals’ risk perception is influenced by the 

information they receive from politicians through social media, with the impact exhibiting as variations 

with respect to the individuals’ position on the political spectrum. 

 

Introduction 
Social media has recently gained popularity as an information-sharing tool among politicians. For 

example, Donald Trump was the first U.S. president to use Twitter as a strategic instrument to connect 

with the public and disseminate his political claims and opinions, a phenomenon known as Twitter politics 

(Kreis, 2017). Previous literature suggests that political authorities are able to shape the public’s thinking 

with the information they disseminate (e.g., Chaves-Montero et al., 2021; Hansen et al., 2021; Rao et al., 

2021). In particular, individuals are more likely to listen to those politicians who share their political 

ideology (e.g., Mullainathan and Shleifer, 2005; Gentzkow and Shapiro, 2006; Barrios and Hochberg, 

2020). The outbreak of COVID-19 is an ongoing global health crisis, which provides an empirical setting 

in which to examine how politicians use social media to communicate with the public and how the public 

responds to that information. In this paper, we examine whether and to what extent the presidential 

COVID-19 sentiment (PCS), constructed based on the former President Trump’s tweets, has influenced 

the public’s risk perception regarding COVID-19. We also study whether individuals’ political 

partisanship plays an important role in their response to the former President Trump’s tweets during the 

COVID-19 pandemic. 

Politics in the United States have become more polarized, and Democrats and Republicans are more 

ideologically divided than ever. Several studies have shown that an individual’s risk assessment is 

influenced by his or her political party, and, typically, the information the individual receives from the 

media comes from the same party (e.g., Bartels, 2002; Iyengar et al., 2012; Levendusky, 2013; Yeo et al., 

2014; Coibion et al., 2019; D’Acunto et al., 2019). However, to the best of our knowledge, only a handful 

of studies have analysed politically polarized risk perception during the COVID-19 pandemic (e.g., 

Tisdell, 2020; Barberia and Gómez, 2021; Welsei, 2021). This study contributes to the understanding of 

the extent to which social media creates channels for communication between politicians and the public. 

In particular, investigating how the public has responded to the former President Trump’s tweets through 
two different political lenses helps to uncover how partisanship influences the way the public consumes 

information on social media. 

We collect the former President Trump’s tweets from the Trump Twitter Archive (thetrumparchive.com) 

from 15 February 2020 to 30 December 2020. We keep tweets containing the Former President Trump’s 
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original texts and exclude retweets, deleted tweets, and tweets containing only an HTTP link. To identify 

the former President Trump’s tweets related to the COVID pandemic, we collect COVID-related 

keywords by continuously monitoring Twitter trending topics, keywords, and sources associated with 

COVID-19. These COVID-related words are summarized in the Supplementary Materials. The former 

President Trump’s tweets are classified as COVID-related if the tweet contains at least one COVID-

related word. To calculate the PCS score for each tweet in our sample, we conduct a social media 

sentiment analysis of the former President Trump’s COVID-related tweets by using Valence Aware 

Dictionary and sEntiment Reasoner (VADER). VADER is a lexicon-based natural language processing 

tool that is especially attuned to sentiment analysis for social-media texts (Hutto and Gilbert, 2014). 

VADER sums the scores of all the words in the VADER lexicon following five linguistic heuristics. 

Consequently, sentiment is captured by the compound score of each tweet, which is normalized to range 

from -1, the most negative, to 1, the most positive (see the Supplementary Materials for details). 

 
We collect media articles under the category for the novel coronavirus from Factiva, yielding 8,204 news 

articles. To capture county-level COVID-19 data, we collect daily confirmed cases and deaths from the 

COVID-19 Data Repository by the Centre for Systems Science and Engineering at Johns Hopkins 

University (github.com/CSSEGISandData/COVID-19). In terms of demographics, we collect the 

population, median income, and the number of people over 25 who hold a bachelor’s degree based on 

five-year estimates from the American Community Survey. Furthermore, we collect daily county-level 

mobility data on residential places from Google’s COVID-19 Community Mobility Reports 

(google.com/COVID19/mobility). The Google mobility data on stay-at-home activities reveals the level 

of public social distancing behaviour during the COVID-19 pandemic (e.g., Wang and Yamamoto, 2020; 

Noland, 2021; Yilmazkuday, 2021). Prior studies have suggested that an individual’s mobility information 

reflects the degree to which his or her mobility is restricted during the pandemic; in our case, it captures 

individuals’ risk perception during the epidemic (e.g., Kielland, 2016; Hsiehchen et al., 2020; Lawal and 

Nwegbu, 2020). After merging the mobility data with the demographic and COVID crisis data based on 

Federal Information Processing Standards, our final sample contains 1,776 counties. 

 
Main Results 

Our analysis begins by identifying how the PCS impacts the public’s perception of risk associated with 

COVID-19. To explore the effect of political partisanship on risk perceptions, we separate so-called blue 

counties, those dominated by Democratic voters (in the lowest quartile of Trump voters), from red 

counties, which are dominated by Republican voters (in the highest quartile of Trump voters), based on 

the results of the 2016 U.S. presidential election. Figure 1 shows the results of ordinary least squares 

(OLS) regressions of social distancing behaviour (staying at home) on PCS at the county level. The 

variable 𝑆𝑡𝑎𝑦_𝑎𝑡_ℎ𝑜𝑚𝑒𝑡,𝑡+2 is defined as the average daily mobility of individuals in a county regarding 

their residential visits over day t to day t+2, which manifests their perception of the risks associated with 

COVID-19. Details on the variables in our regressions are presented in the Supplementary Materials. 

 

Figure 1 shows a noticeable partisan difference in the impact of PCS on the public’s social distancing 
behaviour between Republican (red) counties and Democratic (blue) counties. PCS is negatively related 

to the public’s tendency to stay at home during the COVID pandemic in 78.6% of Republican counties, 

but in only 44.7% of Democratic counties. Our finding supports the view that individuals’ risk assessment 
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can be influenced by the information they receive from politicians through social media, with the impact 

exhibiting as variations with respect to the individuals’ position on the political spectrum. 

 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig. 1: PCS and partisan social distancing behaviour, without controls. This figure presents the correlation 

between 𝑆𝑡𝑎𝑦_𝑎𝑡_ℎ𝑜𝑚𝑒𝑡,𝑡+2  and 𝑃𝐶𝑆𝑡  at the county level. The blue (red) bar on the left (right) indicates the 

correlation for counties that the former President Trump won (lost) in the 2016 presidential election. The correlations 

are higher for darker shades of colour. 

 
Figure 2 shows that, after we control for the number of confirmed COVID-19 cases, other tweet sentiment, 

the ratio of COVID-19–related tweets, and demographic factors, there is a significantly negative relation 

between Stay_at_home and PCS in Democratic counties, but a significantly positive relation between 

Stay_at_home and PCS in Republican counties. After controlling for factors that could influence both 

PCS and the public’s reaction to COVID-19, we confirm that PCS is associated with social distancing 

behaviour, with polarization of the association between Republican and Democratic counties. Since PCS 

represents the former President Trump’s risk attitude towards COVID-19, people in Republican 

(Democratic) counties tend to view PCS as a confirmation (aberration) of cognition. It's that human 

cognitive biases, which are predisposed to take a confirmation (aberration) – to favor (discard) 
information that confirms (contradicts) their existing beliefs and ideology, thereby prioritizing the 

information received from different political lenses. Therefore, the increase in PCS is negatively 
(positively) related to the social distancing behaviour in Republican (Democratic) counties. Our finding 

highlights that PCS can induce a partisan bias among the public, resulting in polarized social distancing 

behaviour between Democratic and Republican counties. 

 

To check the robustness of our finding, we also use the elected governor’s political orientation to define 

whether a county is Democratic or Republican. We find a stronger negative effect of PCS on individuals’ 
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risk perception of COVID-19 in counties where the elected governor is Republican (see Study 3 in the 

Supplementary Materials for more details). 

 
Fig. 2: PCS and partisan social distancing behaviour, with controls. This figure presents the results of the 

OLS regression 𝑆𝑡𝑎𝑦_𝑎𝑡_ℎ𝑜𝑚𝑒𝑡,𝑡+2 = 𝛽1𝑃𝐶𝑆𝑡 + 𝛽2𝐿𝑛(𝑐𝑜𝑛𝑓𝑖𝑟𝑚𝑒𝑑𝑡,𝑗) + 𝛽3𝑂𝑡ℎ𝑒𝑟_𝑠𝑒𝑛𝑡𝑖𝑚𝑒𝑛𝑡𝑡 +𝛽4𝐹𝑎𝑣𝑜𝑢𝑟𝑖𝑡𝑒𝑠_𝑜𝑓_𝐶𝑂𝑉𝐼𝐷_ 𝑡𝑤𝑒𝑒𝑡𝑠𝑡  + 𝛽5 𝐶𝑜𝑣𝑖𝑑_𝑡𝑤𝑒𝑒𝑡𝑠𝑡/𝑇𝑜𝑡𝑎𝑙_𝑡𝑤𝑒𝑒𝑡𝑠𝑡 + 𝛽6𝐿𝑛(𝐼𝑛𝑐𝑜𝑚𝑒𝑗) +𝛽7𝐿𝑛(𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛𝑗) + 𝛽8𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑗  + 𝐶𝑜𝑢𝑛𝑡𝑦 𝐹𝑖𝑥𝑒𝑑 𝐸𝑓𝑓𝑒𝑐𝑡𝑠 +  𝜀𝑗,𝑡  . The explanatory variable of interest is 

PCS. The plot on the left (right) reports the results for the sample of Democratic (Republican) counties. The point 

estimates of 𝛽1  and their 95% confidence intervals are also shown, and 𝛽1  is statistically significant at the 1% level 

for all specifications. 

 

Endogeneity Issues 

So far, we find that PCS has a significant impact on social distancing behaviour and there is a clear partisan 

divergence between Democratic and Republicans. Since the relation between PCS and the public’s 
COVID-19 risk perception proxied by social distancing behaviour could be jointly determined by 

unobserved factors, we address the potential endogeneity concern using a difference-in-differences (DID) 

identification method. We define an indicator variable 𝑃𝑟𝑒𝑠𝑖𝑑𝑒𝑛𝑡_𝑡𝑒𝑠𝑡_𝑝𝑜𝑠𝑖𝑡𝑖𝑣𝑒 as equal to one if the 

date is after the former President Trump and the First Lady tested positive for COVID-19, and zero if 

before. Figure 3 shows that the coefficients of PCS*President_test_positive are positive and statistically 

significant in Democratic counties, but negative and statistically significant in Republican counties. As 

reported by the British Broadcasting Corporation, the former President Trump continuously downplayed 

the severity of catching COVID-19 virus after he tested positive (e.g., 

https://www.bbc.co.uk/news/election-us-2020-54427390). If PCS reflects the former President Trump’s 
risk attitude towards COVID-19, Democrats are more likely to show disagreement with PCS, thereby 

enhancing the aberration bias, suggested by the negative impact of PCS on social distancing behaviour in 

Democratic counties. Meanwhile, Republicans are more likely to show approval of PCS, thereby 

enhancing the confirmation bias, suggested by the positive impact of PCS on social distancing behaviour 

in Republican counties. Our finding shows that, after the former President Trump tested positive for 

https://www.bbc.co.uk/news/election-us-2020-54427390
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COVID-19, populations in Democratic (Republican) counties spent more (less) time in their residences 

as PCS increased. 

 

One potential explanation for the polarizing impact of PCS on the public’s risk perception involves 

omitted local economic factors that correlate with both local partisanship and local government policies 

related to COVID-19. To address this concern, we follow Sheng et al. (2021) and construct a measure of 

social connection–based partisanship (SCP), based on Facebook friendships between all the counties. The 

weight of SCP is the former President Trump’s voting share in the 2016 presidential election.  The 

measure is arguably exogenous to local factors in the focal county because it excludes counties located in 

the same state as the focal country.  Our results suggest that residents in a county with stronger social 

connections with other Republican counties spent less time in residential places when PCS increased, 

which once again confirmed our main findings (see Study 4 in the Supplementary Materials for more 

details). 

    
 

Fig. 3: PCS and social distancing behaviour before and after the former President Trump tested 

positive for COVID-19. This figure presents the results of the OLS regression 𝑆𝑡𝑎𝑦_𝑎𝑡_ℎ𝑜𝑚𝑒𝑡,𝑡+2 = 𝛽1𝑃𝐶𝑆𝑡 +𝛽2𝑃𝑟𝑒𝑠𝑖𝑑𝑒𝑛𝑡_𝑡𝑒𝑠𝑡_𝑝𝑜𝑠𝑖𝑡𝑖𝑣𝑒𝑡  + 𝛽3  𝑃𝐶𝑆𝑡 ∗ 𝑃𝑟𝑒𝑠𝑖𝑑𝑒𝑛𝑡_𝑡𝑒𝑠𝑡_𝑝𝑜𝑠𝑖𝑡𝑖𝑣𝑒𝑡  + 𝛽4𝐿𝑛(𝐶𝑜𝑛𝑓𝑖𝑟𝑚𝑒𝑑𝑡,𝑗) +𝛽5𝑂𝑡ℎ𝑒𝑟_𝑠𝑒𝑛𝑡𝑖𝑚𝑒𝑛𝑡𝑡 + 𝛽6𝐹𝑎𝑣𝑜𝑢𝑟𝑖𝑡𝑒𝑠_𝑜𝑓_𝐶𝑂𝑉𝐼𝐷_ 𝑡𝑤𝑒𝑒𝑡𝑠𝑡  + 𝛽7𝐶𝑜𝑣𝑖𝑑_𝑡𝑤𝑒𝑒𝑡𝑠𝑡/𝑇𝑜𝑡𝑎𝑙_𝑡𝑤𝑒𝑒𝑡𝑠𝑡 + 𝛽8𝐿𝑛(𝐼𝑛𝑐𝑜𝑚𝑒𝑗) + 𝛽9𝐿𝑛(𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛𝑗) + 𝛽10𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑗 + 𝐶𝑜𝑢𝑛𝑡𝑦 𝐹𝑖𝑥𝑒𝑑 𝐸𝑓𝑓𝑒𝑐𝑡𝑠 + 𝜀𝑡  

The explanatory variable of interest is PCS*President_test_positive. The plot on the left (right) reports the results 

for the sample of Democratic (Republican) counties. The point estimates of 𝛽3  and their 95% confidence intervals 

are also shown, and 𝛽3  is statistically significant at the 1% level for all specifications. 

 

Media Bias 

There exists strong media bias in terms of ideology in the United States (Groseclose and Milyo, 2005). 

De Bruin et al. (2020) also find partisan preference among Americans consuming media news; that is, 

Democrats are more likely to watch MSNBC or CNN, whereas Republicans are more likely to watch Fox 

News. If this is the case, Democrats could be perceiving greater COVID-19 risk from news criticizing the 
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former President Trump. To examine the moderation effect of traditional media coverage, we include the 

interaction term PCS*Media_criticism in our regression, where Media_criticism is equal to one if the 

average sentiment of CNN news article headlines is negative according to the VADER classification, and 

zero otherwise. Figure 4 shows that the coefficients of PCS*Media_criticism are positive and statistically 

significant in Democratic counties, but negative and statistically significant in Republican counties, 

suggesting that negative media coverage about the former President Trump enhanced the polarizing effect 

of PCS on the public’s social distancing behaviour. Intuitively, Democrats (Republican) were more (less) 

likely to perceive the risk associated with COVID-19 from blue-leaning media, since the media 

disseminated information among their target audience, which enhances the aberration/confirmation of 

PCS. In other word, media criticism of the former President Trump enhanced the negative (positive) 

impact of PCS on the public’s staying at home during the COVID-19 pandemic in Republican 

(Democratic) counties. 

 

 

 
Fig. 4: Moderation effect of traditional media. This figure presents the results of the OLS regression 𝑆𝑡𝑎𝑦_𝑎𝑡_ℎ𝑜𝑚𝑒𝑡,𝑡+2 = 𝛽1𝑃𝐶𝑆𝑡 + 𝛽2𝑀𝑒𝑑𝑖𝑎_𝑐𝑟𝑖𝑡𝑖𝑠𝑖𝑠𝑚𝑡  + 𝛽3  𝑃𝐶𝑆𝑡  ∗  𝑀𝑒𝑑𝑖𝑎_𝑐𝑟𝑖𝑡𝑖𝑠𝑖𝑠𝑚𝑡  +𝛽4𝐿𝑛(𝐶𝑜𝑛𝑓𝑖𝑟𝑚𝑒𝑑𝑡,𝑗) + 𝛽5𝑂𝑡ℎ𝑒𝑟_𝑠𝑒𝑛𝑡𝑖𝑚𝑒𝑛𝑡𝑡 + 𝛽6𝐹𝑎𝑣𝑜𝑢𝑟𝑖𝑡𝑒𝑠_𝑜𝑓_𝐶𝑂𝑉𝐼𝐷_ 𝑡𝑤𝑒𝑒𝑡𝑠𝑡  + 𝛽7𝐶𝑜𝑣𝑖𝑑_𝑡𝑤𝑒𝑒𝑡𝑠𝑡/𝑇𝑜𝑡𝑎𝑙_𝑡𝑤𝑒𝑒𝑡𝑠𝑡 + 𝛽8𝐿𝑛(𝐼𝑛𝑐𝑜𝑚𝑒𝑗) + 𝛽9𝐿𝑛(𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛𝑗) + 𝛽10𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑗 + 𝐶𝑜𝑢𝑛𝑡𝑦 𝐹𝑖𝑥𝑒𝑑 𝐸𝑓𝑓𝑒𝑐𝑡𝑠 + 𝜀𝑡 . 

The explanatory variable of interest is PCS*𝑀𝑒𝑑𝑖𝑎_𝑐𝑟𝑖𝑡𝑖𝑐𝑖𝑠𝑚. The plot on the left (right) reports the results for the 

sample of Democratic (Republican) counties. The point estimates of 𝛽3 and their 95% confidence intervals are also 

shown, and 𝛽3  is statistically significant at the 1% level for all specifications. 

 

Coronavirus Cases 

To explore the consequences of the PCS effect, we examine whether PCS has an impact on the growth 

ratio of COVID-19 cases. Figure 5 presents the results of OLS regressions of the growth ratio (GR) of 

COVID-19 cases in 21 days on PCS. As shown, PCS has a positive and statistically significant impact on 

the 21-day GR in Republican counties, a but statistically non-significant impact on the 21-day GR in 

Democratic counties. Our findings suggest that PCS not only has an impact on the public’s COVID-19 
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risk perception, but also affects the growth rate of COVID-19 cases. These effects also vary between 

Republican and Democratic counties, consistent with our findings of public risk perception. 

 

Fig. 5: PCS and the GR of COVID-19 cases. This figure presents the results of the OLS regression 𝐺𝑅𝑡+23 =𝛽1𝑃𝐶𝑆𝑡 + 𝛽2𝐿𝑛(𝑐𝑜𝑛𝑓𝑖𝑟𝑚𝑒𝑑𝑡,𝑗) + 𝛽3𝑂𝑡ℎ𝑒𝑟_𝑠𝑒𝑛𝑡𝑖𝑚𝑒𝑛𝑡𝑡 + 𝛽4𝐹𝑎𝑣𝑜𝑢𝑟𝑖𝑡𝑒𝑠_𝑜𝑓_𝐶𝑂𝑉𝐼𝐷_ 𝑡𝑤𝑒𝑒𝑡𝑠𝑡  +𝛽5 𝐶𝑜𝑣𝑖𝑑_𝑡𝑤𝑒𝑒𝑡𝑠𝑡/𝑇𝑜𝑡𝑎𝑙_𝑡𝑤𝑒𝑒𝑡𝑠𝑡 + 𝛽6𝐿𝑛(𝐼𝑛𝑐𝑜𝑚𝑒𝑗) + 𝛽7𝐿𝑛(𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛𝑗) + 𝛽8𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛𝑗  +𝐶𝑜𝑢𝑛𝑡𝑦 𝐹𝑖𝑥𝑒𝑑 𝐸𝑓𝑓𝑒𝑐𝑡𝑠 +  𝜀𝑡  . The explanatory variable of interest is PCS. The plot on the left (right) reports the 

results for the sample of Democratic (Republican) counties. The point estimates of 𝛽1 and their 95% confidence 

intervals are shown, and 𝛽1 is statistically significant at the 1% level for all specifications. 

 

Conclusions and Discussion 

By studying the sentiment of the former President Trump’s tweets during the COVID-19 pandemic, we 

discover a polarized effect of PCS on the public’s risk perception of COVID-19 between Democratic and 

Republican counties. Those in Republican counties tend to view PCS as a confirmation, whereas those in 

Democratic counties tend to consider PCS as an aberration. Furthermore, we find that media coverage 

boosts political partisanship. Thus, the public’s risk perception regarding health-related decisions and 

their behaviours are influenced by their political leanings, despite the nonpartisan nature of COVID-19. 

 

Our results highlight the importance of social media in influencing public risk perception during the 

COVID-19 pandemic, especially when political polarization in the United States is on the rise. 

Understanding how the public reacts to the messaging of elected officials has important implications for 

public risk perceptions and health-related behaviour. Our findings provide evidence that social media can 

be used strategically for political purposes. Therefore, it is important to search for scientific evidence in 

a pandemic: let science  take the lead during a health crisis to prevent politics from overwhelming the 

science. 

  



 8 

References 

 

Badr, H. S., Du, H., Marshall, M., Dong, E., Squire, M. M. & Gardner, L. M. 2020. Association between 

mobility patterns and COVID-19 transmission in the USA: a mathematical modelling study. Lancet Infect. 

Dis. 20(11), 1247–1254. 

 

Barberia, L. G. & Gómez, E. J. 2020. Political and institutional perils of Brazil’s COVID-19 

crisis. Lancet 396(10248), 367–368. 

 

Barrios, J. M. & Hochberg, Y. 2020. Risk perception through the lens of politics in the time of the 

COVID-19 pandemic (No. w27008). National Bureau of Economic Research. 

 

Bartels, L. M. 2002. Beyond the running tally: partisan bias in political perceptions. Polit. Behav. 24(2), 

117–150. 

 

Chaves-Montero, A., Relinque-Medina, F., Fernández-Borrero, M. Á. & Vázquez-Aguado, O. 2021. 

Twitter, social services and COVID-19: analysis of interactions between political parties and 

citizens. Sustainability 13(4), 2187. 

 

Chen, E., Lerman, K. & Ferrara, E. 2020. Tracking social media discourse about the COVID-19 pandemic: 

development of a public coronavirus Twitter data set. JMIR Public Health Surveill. 6(2), e19273. 

 

Coibion, O., Gorodnichenko, Y. & Weber, M. 2019. Monetary policy communications and their effects 

on household inflation expectations (No. w25482). National Bureau of Economic Research. 

 

D'Acunto, F., Hoang, D., Paloviita, M. and Weber, M., 2019. Human frictions in the transmission of 

economic policy. Chicago Booth Research Paper, (19-21). 

 

De Bruin, W. B., Saw, H. W. & Goldman, D. P. 2020. Political polarization in US residents’ COVID-19 

risk perceptions, policy preferences, and protective behaviors. J. Risk Uncertain. 61(2), 177–194. 

 

Gentzkow, M. & Shapiro, J. M. 2006. Media bias and reputation. J. Polit. Econ. 114(2), 280–316. 

 

Groseclose, T. & Milyo, J. 2005. A measure of media bias. Q. J. Econ. 120(4), 1191–1237. 

 

Hansen, M. A., Johansson, I., Sadowski, K., Blaszcynski, J. & Meyer, S. 2021. The partisan impact on 

local government dissemination of COVID-19 information: assessing US county government 

websites. Can. J. Polit. Sci. 54(1), 150–162. 

 

Hsiehchen, D., Espinoza, M. & Slovic, P. 2020. Political partisanship and mobility restriction during the 

COVID-19 pandemic. Public Health 187, 111–114. 

 

Hutto, C. & Gilbert, E. 2014. VADER: a parsimonious rule-based model for sentiment analysis of social 

media text. Proc. Intl. AAAI Conf. Weblogs Soc. Media 8(1). 



 9 

 

Iyengar, S., Sood, G. & Lelkes, Y. 2012. Affect, not ideology: a social identity perspective on 

polarization. Public Opin. Q. 76(3), 405–431. 

 

Kielland, A. 2016. The role of risk perception in child mobility decisions in West Africa, empirical 

evidence from Benin. World Dev. 83, 312–324. 

 

Kreis, R. 2017. The “tweet politics” of President Trump. J. Lang. Politics 16(4), 607–618. 

 

Kuchler, T., Li, Y., Peng, L., Stroebel, J. & Zhou, D. 2020. Social proximity to capital: implications for 

investors and firms (No. w27299). National Bureau of Economic Research. 

 

Lawal, O. & Nwegbu, C. 2020. Movement and risk perception: evidence from spatial analysis of mobile 

phone-based mobility during the COVID-19 lockdown, Nigeria. GeoJournal, 1–16. 

 

Levendusky, M. S. 2013. Why do partisan media polarize viewers? Am. J. Polit. Sci. 57(3), 611–623. 

 

Mullainathan, S. & Shleifer, A. 2005. The market for news. Am. Econ. Rev. 95(4), 1031–1053. 

 

Noland, R. B. 2021. Mobility and the effective reproduction rate of COVID-19. J. Transp. Health, 20, 

101016. 

 

Rao, A., Morstatter, F., Hu, M., Chen, E., Burghardt, K., Ferrara, E. & Lerman, K. 2021. Political 

partisanship and antiscience attitudes in online discussions about COVID-19: Twitter content analysis. J. 

Med. Internet Res. 23(6), e26692. 

 

Sheng, J., Sun, Z. & Wang, W. 2021. Partisan return gap: The polarized stock market in the time of a 

pandemic. Available at SSRN 3809575. 

 

Tisdell, C. A. 2020. Economic, social and political issues raised by the COVID-19 pandemic. Econ. Anal. 

Policy, 68, 17–28. 

 

Wang, H. & Yamamoto, N. 2020. Using a partial differential equation with Google mobility data to 

predict COVID-19 in Arizona. arXiv preprint arXiv:2006.16928. 

 

Yeo, S. K., Cacciatore, M. A., Brossard, D., Scheufele, D. A., Runge, K., Su, L. Y., Kim, J., Xenos, M. 

& Corley, E. A. 2014. Partisan amplification of risk: American perceptions of nuclear energy risk in the 

wake of the Fukushima Daiichi disaster. Energy Policy 67, 727–736. 

 

Yilmazkuday, H. 2021. Stay-at-home works to fight against COVID-19: international evidence from 

Google mobility data. J. Hum. Behav. Soc. Environ. 31(1–4), 210–220. 

 

 
 



Supplementary Files

This is a list of supplementary �les associated with this preprint. Click to download.

Supplementry�le.pdf

https://assets.researchsquare.com/files/rs-954406/v1/60e801cea37e3b26aa8d2fdf.pdf

	Please Let Science Talk: Presidential Sentiment and the Public’s Risk Perception in the Era of COVID-19
	References

